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Systems Evaluation Summary and Future Work

Regulatory Category e Results: ~78% accuracy on two-class HRP vs. non-HRP classification across held-out items.

e Errors: Minimal high = low false-negatives; remaining dual-use/ambiguous - SME.

e System: Built a traceability-first, API-driven retrieval and reasoning pipeline with human-in-the-loop feedback and
ITAR/USML 83.82% similarity memory for near-duplicates.

NRC 90.00% Cited step-

by-step Comparable
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Model EXPERT

FEEDBACK

CCL 76.50% INSIGHTS

EAR99 59.41%
s Classification * Integration into SAP workflow by ORNL's Information Technology Services Division (ITSD)
| | Accuracy e Extend the system to new regulatory domains, including biomedical, legal, and export control contexts
Classification accuracy by regulatory e Improve long-term memory and feedback integration for institutional learning

category (80% overall accuracy)
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